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● Large-scale and diverse: Contains 65 million images and 200 million question-answer pairs spanning art, 
history, and natural sciences, covering exhibits from museums worldwide.

● Expert-curated & multilingual: Data is cleaned and labeled by museum experts, featuring questions in 38 
languages (English + 37 more)

● Structured for reasoning: information of each exhibit is in the form of attribute-value pairs  (e.g., title, 
material, place, creator)  designed for VQA tasks to test domain-specific understanding.

 

Code is available open-source
GitHub - insait-institute/Museum-65

Contact: Sanjana Garai
sanjana.garai.mat22@itbhu.ac.in
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The five tasks evaluate models on general understanding, attribute reasoning, 
viewpoint robustness, contextual inference, and multilingual comprehension. 
Results show that fine-tuning on MUSEUM-65 greatly boosts performance across 
all tasks, with LLaVA excelling in complex reasoning and multilingual settings.

Other experiments

LLaVA-20mn, consistently outperform original models and 
human experts across most categories, demonstrating superior 
domain-specific reasoning.

Continent-wise partial precision shows that fine-tuning on our 
domain-specific dataset enables consistent gains across all 
regions, demonstrating robustness despite data imbalance.

Fine-tuning greatly 
enhances semantic 
understanding.

Conclusion
Fine-tuning on MUSEUM-65 empowers 
vision-language models with superior 
accuracy and reasoning, proving its utility 
for cultural heritage AI.

https://github.com/insait-institute/Museum-65

